Fig. S1 Impact on cancer cell line survival of UMG lists before the DepMap filtering step compared to other methods’
lists. Extension to Figure 4.
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Fig. S2 Impact on cancer cell line survival of UMG lists compared to other methods’ lists, all including known driver
genes. Extension to Figure 4.
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Fig. S3 Impact on cancer cell line survival of UMG lists before the DepMap filtering step compared to other methods’
lists, all including known driver genes. Extension to Figure 4.
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Fig. S4 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in CESC. Extension to Figure 5.

§ Q@J‘\@ﬁ ‘}@} @e {@, q}@\?

& o

&8 P EE
&

\
&
&

&

&

CESC Mutation Score

>0.0015,<0.002 (]
0.02

Q
&
&
&

-0

& o
]
] Ral
e
o
v
)
v
S
= o
v s £
c Hl a
)
V)

[
a




Fig. S5 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in CHOL. Extension to Figure 5.
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Fig. S6 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in COAD. Extension to Figure 5.
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Fig. S7 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in ESCA. Extension to Figure 5.

D 0.005

0.05

0.1

B

ESCA Mutation Score

Gene Type Degree

770+
325
1-20

e




in HNSC. Extension to Figure 5.
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Fig. S8 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes
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Fig. S9 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in KICH. Extension to Figure 5.
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Fig. S10 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in KIRC. Extension to Figure 5.
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Fig. S11 PPl network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in KIRP. Extension to Figure 5.
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white nodes) and known driver genes (red) in LIHC. Extension to Figure 5.
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Fig. S12 PPI network analysis of the relationships between UMGs
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Fig. S13 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in LUAD. Extension to Figure 5.
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white nodes) and known driver genes (red) in LUSC. Extension to Figure 5.
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Fig. S14 PPl network analysis of the relationships between UMGs
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Fig. S15 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in PRAD. Extension to Figure 5.
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Fig. S16 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in READ. Extension to Figure 5.
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Fig. S17 PPl network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in STAD. Extension to Figure 5.
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Fig. S18 PPl network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in THCA. Extension to Figure 5.
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Fig. S19 PPI network analysis of the relationships between UMGs (white nodes) and known driver genes (red) in UCEC. Extension to Figure 5.
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